FROM TREATMENT RESISTANCE TO PRECISION
MEDICINE IN RHEUMATOID ARTHRITIS Sivan
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Rheumatoid arthritis treatment is still largely trial-and-error : Al powered
iImmune profiling could help identify the right treatment for the right patient
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Prove it works in real patients via clinical trials,
larger diverse cohorts & link predictions to treatment
response
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Al powered immune profiling shows potential

— Build a complete patient profile by
to improve treatment prediction in RA, but

combining data including non - inflammatory factors
clinical translation requires robust validation,

integrated data in real world implementation'”

Make it useable in clinical routine with
explainable predictions & addressing cost / regulation
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